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Abstract: In order to improve the efficiency of high-resolution image segmentation and solve the problem of incom-
plete segmentation caused by small discrimination of foreground and background in the complex pattern near the edge of the
target to be segmented,we propose a fast image segmentation algorithm based on superpixel multi-feature fusion ( SMFF).
Firstly ,the most effective superpixel algorithm is used for superpixel processing,and then the superpixel-based HOG feature,
laboratory color feature and spatial position feature are extracted. Lastly, by designing a multi-feature measurement algo-
rithm , the fast image segmentation algorithm based on superpixel multi-feature fusion is implemented. Experimental results
verify the effectiveness of the proposed algorithm , which is close to the most classical image segmentation algorithm,and the
time performance of the proposed algorithm is significantly better than other comparison algorithms.
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